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Figure S1: Experimental setup ofproject. lllustration of the experimental setup atmuponsampling
proceduresNumbers indicate the day of study on which the tile was sampled.
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Figure S2 Change in the Shannon Indexy material over time. Points represent individual samples
(n=338, 330 sampgefor 16S and ITS, respectivelghd the trend lines are a smoothed moangrage
of the mean and shaded regions indicate the standard error
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Figure S3 Microbial successiorby material over time Changes in the relative abundance of selected
microbialgenerafor each materiabver the course of successign=338, 330 samples for 16S and ITS,
respectively) (A) Lines represent a smoothed moving average of the mean. Genus is indicated by color
andwetting conditionis indicted by line style.K) Changesn the relative abundance of selected fungal
genera over the course of succession. Formatting is &3 in (
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Figure S4 ANOSIM quantifies the influence of metadata factors on the dissimilarity between

samples Columns represent different metadata factmi rows represent the three datasets in this study
(n=338, 330 samples for 16S and ITS, respectivdpxplots depict the range of ranked Bi@yrtis
dissimilarities within and between factors (lower rank = lower dissimilarity). Boxplot width indidees
number of samples represented by the boxplot
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Figure S5: Bacteria-Bacteria cooccurrence network. Co-occurrence network (from n=83 bacteria
samples) showsighly correlated bacteria form monophyletic clustéss samples containing more

abundant taxa
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Figure SG Bacteria-Bacteria cooccurrence network on wet samplesCo-occurrence network (from
n=39 wet samples) showew PseudomonaandBacillusare anticorrelated on wet sampfes samples
containing moreabundant taxa
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Figure S7. Bacteria-Bacteria co-occurrence network on gypsum samplesCo-occurrence network
(from n=24 gypsum samples) sholWwsw Pseudomonaand Bacillus are anticorrelated on ajlypsum
samples
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Figure S8 Fungi-Fungi co-occurrence network. Co-occurrence network (from n=91 fungi samples)
shows Iighly correlatedungi forms mostlymonophyletic clusters
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Figure S9 Fungi-Fungi co-occurrence network on wet samplesCo-occurrence network (from n=58
wet samples) showsow certain Fungi OTUsre anticorrelated on wet samples



Figure S10 Random forest metabolite selection heatmagrandom forest learning was used to select
the metabolites that most distinctly identify each environmental condition, wetted -ovetiza, wood
material type and inoculation location (n=144 samples and 3187 metabolite$pOtheghesscoring
metabolie features for each condition where selected for further examination.

Figure S11 Metabolite and microbial successioron wet samples by material over time Changes in
the relative abundance of selected bacterial gdoeemch materiabver the cours of successiom=176,
218and 72 wet samples for bacteria, fungi and metabolites, respectivelgs represent a smoothed
moving average of the mean. Geaunsl metabolites aiadicated bydifferentcolors
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